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The convergent computing based on supercomputer

LU Yutong , CHEN Zhiguang
School of Computer Science and Engineering, Sun Yat-sen University , Guangzhou 510006, China

Abstract: Complex science and engineering computing applications require the converging of three
computing modes: Numerical simulation, big data processing, and artificial intelligence. However,
traditional supercomputers cannot efficiently support the above three computing modes at the same
time. We reconstructed the supercomputer's parallel file system, parallel communication system,
resource management and job scheduling system etc., and further designed a supercomputer-based big
data processing framework and artificial intelligence inference framework, building a converged
environment based on supercomputers. Experiments show that the proposed converged system can
support the coupling of three computing paradigms as well as improve the performance significantly,
providing a comprehensive environment for complex scientific engineering computing applications.
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access-multi-NIC multi-message aggregation mechanism
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